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Application of network analysis on self-construal scale revised version. A tutorial
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ABSTRACT:

This study aimed to provide a tutorial on how to conduct network analysis using the R program, as one of the
most recent psychometrics models, in addition to explain how we can use the information provided by this new
model. The data was obtained by the Self Construal Scale revised version from 200 university students. The steps
consisted of extracting the dimensions and obtaining the network loadings of the items and calculating the
strength index as the most important centrality indices. To ensure the accuracy of the results, the correlation
stability coefficient was calculated. Finally, structural consistency coefficients of each item and dimension were
calculated.

Keywords: Self-Construal, Network Analysis, Network Model

1ol -1

clahall o Sl s @ z3ledl gyt Syl Allizeg Alsla clyshas i) Galidll Jao o il
Aad ) of LSV of ol Ay Ui 2alSO cilondl utdS el 390 of LuSeles il ydige 0S5 00 (Say (&1 dwlall
Ll uplall LMo (o aSTg 2alST) lasad | pe Jolaald By 2asko o,89 (&1 7 3Laidl o ol (e Jadg clapis
(Sl z 390l 29 Ldaiilgy

S Gyt o L Lo Jelans 31 mliall (oo A garma JS (e Buaall jalslall S a0 £ 3laall W) oyad
L) delie olpine Jias (G019 (Nodes) wae (wd Bytiuo 4519 (e Bylee Jo¥l tlaa cruslsl opopaice (e (Said) 7z 300l
L3 elylus (29 (Edges) dlgtl (oo Lo Ly cnnn o sl (olyel of 4S5l il ydiga ol olada 39 055G o
die gridde S on Gl bl clelas dlawlgy olyludl sda (old Sy Libas g (ASGAd) § o9 ol waall o

SiyS et e k) Calgll -
doi: 10.34118/ssj.v17i1.3199

http://journals.lagh-univ.dz/index.php/ssj/article/view/3199

ISSN: 1112 - 6752 2006 - 66 :jigilall ¢ ¥l o3, EISSN: 2602 - 6090




ddgdas Slghs Auall Lewdd) Sl 4y ulede e $edd! Jelomid| Godas

S LS 85all G e ALY Sl sia calinsy Sl § Bagmell s uaall ae SlbLal S ot
S sl Ioglaitll 3555 Lontiad slas¥l a0 Al (6,51 Bz (05 A (50 98 A8Vl 3925 e s sle Loglas)
. (Costantini etal., 2019)ddluw 48Me 3929 (de Ju5 ¢l pamdl Lokl g 48Me 3929 e Ju5 6183

ol ate s AelSdl Aadl oy ¢ 52 (2 (921) Awslall ol sl o 9o (Seidl 7390l dle asdy gl (oA
Bt S8Me L daspes 2atue Silpite (& i «aladl Julald 2Ll 230l o Le At 285e Loy L asls
AL 3 55T ke § 5 et ol ite (8 4k o Jams (Sl sl g AuSsolignl| Ralai¥) 0 2 35, 2o
SliMe Lee aazaldl ol oo 38 Ll e 2ol dedl 3] Sl il (Seadl souall 1da o) Lew Losd Llelant
S Alall mlpanll sda eal sty Al s e 3SA I 0 S8l oo 3Sadl oda pamd J] Liados sese
S Sldige ol I3 syazms (Sasg ASGAS) @ 63! Aulall ol el Sl 558 s (e Apeadl s W33
oealia § 351 ore Bylee 0555 Lo LS @) dwlall ol panall Anusdl 3ylall sday A Jawy (3 06O Branghl Slpadis
G sl paall sda o At M)l 285m0y L macd Apads byl (o l,e¥1 (o Ae gazme 0555 O Sy (Sl digrs
(Cramer et al., 2010; Schmittmann et al., 2013) 4 lSJl lewdl sid AST 0 (e Loelud ol yluS Laylie | o Say

g sla¥l sl sy I ol oo 3 (Soddl Jubmtl) U Loty 201 laslall ool asils LiSay
(Hallquistetal., 2019; cniLdl (any 4] 5Lal Lo liag  doladl deleall § Joladl claciid didd (Sl S colag i)
LolSCs ¢ SLasaddl doladl Jemtdl (3 Joladl ciladdS 2,80ad) laddll an Jalaal) LuSly 451 Rozgonjuk et al., 2020)
sl o e 05 (Aolas ) 55T s e pdiym s L S 1315 cotal 01 Sl s sgl o e 05 Lioud caniy
28 ym0 98 A ool Lol aaid] pusslial] AustegSaadl pailimsll (o 3asall 3 laglall s.in aiiiuds csla¥l sanie
spiall lESY1 s el Slhed S5l e Laals RS cldte b o e 2139 e 3 Rach) 5l
plota¥) Comy U ol yatly LS FI slay G Logo 9o coali (el Lel (e Jou S Lesd 3850 550 @i (&lg Aol
it ¢yl IS Lt pudaianid Sl Sl e Lele Jummill gsbiad] 485 28l Ladles Lga Aulagl1 M5 (1o L
lyloeell 222 3500l o 50 BSUI Sl dag (S Byl Jels 9 L pis sl n sl
Lladl lhatwl Jelas wlus clliSy Nonparametric Bootstrapping (o b laswlgy 438,00 olyidge Hlyarwly
cUliSy o yseiad | sl g auidl Bl ¥l clalas colus (Say U3 1) 48U L9 .Correlation stability coefficient (CS)
Christensen & Golino guaiy s bl cdllaeS Layline | Sy (s cdd] (a5 1 dadl s 393l (e iy SO
Sl gauidl Blud¥l Cangs ) 55: 46¥ 0.70 (e J8T L3ludl Jalae (&1 50l Caizey (2021)

d Ayl s o U el Slasd! pe Jolaald Bugos claas Willhe] § (oS5 (Seidl 7 350l 2eaal ()
oaay dl seylly g laddl Caledl (e oMLYL Coldl muain doe ¢ Seddl Jeletdl Badas 683 Adoe @lglas @ouas
oLl oy Ll (Sas 5810 Ay iia ool i 3 cianlys Mg (2020 ¢ iaS) Le pld &1 byl
1lga¥ly dasylall -2
wlydl § OsSHLad N -1-2

Bl,=i¥1) 22.25 eaylect basgio gl o oAy ll) cilaalad) (amy ) Ogatly Lirala L 200 cnSHLadl s &l
(3.202 =55luall

319



:obled) ao 81af-2-2
w3 Lta Iy e Aas 1y 30 (40 (35S0 E o(Singelis) 1994 2 La¥! diyguo § i) Ay oluda sliay pl3
s a8 el IS8 e 3l A,k Ay AL A Ay S (6539 iy dis Buasg il ol 2,
=6) (Lo uxt 33150 =5) ((3315a of 38lge nt =4) (Lo um) 33lsa p& =3) (32lsa AL =2) (Bady 38lge st =1) (29
Slays fgeme (29 cAlatudl ol Al Aoy (il (i e cumiun K diamny duley (Badn 38190 =7) (38150
1 AL Boyng 35l Sloys bigte e Jsuasel] 15 (e Lo pods @y alatall Sl 2y s &1 sgid!
Slzys owsie e Jyvmll 15 e Loy podi @l Abay Al ol i) 2y (a5 @) sl Sy poamma (29 cAlaylAll
QUASIL! (oladl bty o sl dimslias (p0 3azmtlly Ayl Aall) ] ditaz s (olidll ciSoy oLl a8 ol
Aanedl ol Ay sl Al § ol 3y (oliad ol ydse Jiadl sei Byde (o 05ty (eldll ol . suSsally

(1058579554) 39idl ¢y 0395 Ay AL 1 3is (99693529 1) 9l (ye (355
bl -3
9 ASTYN a8l (e dloamms (,Sar sl 4.0.5 Ll R las¥! malipdl plueid @5 2lbasyl el 1,2
4.1.2 Leuill § 929 ¢ R Glas¥l mabidl cal,Ll Studio gealiy Juexs oLl muass LS (https://www.r-project.org/)
(https://www.rstudio.com) g ASI¥! adsll ye
A ol ¥ 3,8 Al gy (i) Jdomdl by L o () Alias) a3l Jiamity 095 gealind) cianis ay
> install.packages(" EGAnet ")

> install.packages(" bootnet ")
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> install.packages(" qgraph ")
> install.packages(" haven ")
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> library("bootnet")
> Network <- estimateNetwork(X1,default = "EBICglasso")
> library("qgraph”)
> plot(Network, layout = "spring” labels = TRUE)
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> centralityPlot(Network)
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> boot1 <- bootnet(Network, nBoots = 1000,nCores = 8)

> p|ot(boot1, labels = FALSE, order = "sample")
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(5) 3,
> boot2 <- bootnet(Network, nBoots = 1000,type = "case", nCores = 8)

> plot(boot2, labels = FALSE, order = "sample")
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